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Research on convolutional neural network
for reservoir parameter prediction
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(College of Computer and Communication Engineering, China University of Petroleum (East China), Qingdao 266580, China)

Abstract: As the branch of artificial intelligence, artificial neural network solved many difficult practical problems in
pattern recognition and classification prediction field successfully. However, they cannot learn the feature from networks.
In recent years, deep learning becomes more and more advanced, but the research on the field of geological reservoir pa-
rameter prediction is still rare. A method to predict reservoir parameters by convolutional neural network was presented,
which can not only predict reservoir parameters accurately, but also get features of the geological reservoir. The study es-
tablished the convolutional neural network model. Results show that the convolutional neural network can be used for
reservoir parameter prediction, and get high prediction precision. Moreover, convolutional features from convolutional
neural network provided important support for geological modeling and logging interpretation.
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